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Speeding up Change-Point Detection using Matrix Compression
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Tsuyoshi Idé

Abstract: We present an approach to speed up a change-point detection algorithm called

singular-spectrum transformation (SST). SST computes the change-point score at each time

by (1) performing feature extraction from time-series subsequences and (2) evaluating the

discrepancy between the feature vectors. In this paper, we show that the feature extraction

step can be done implicitly by utilizing mathematical properties of tridiagonal decomposi-

tion of matrices. We experimentally show that this implicit algorithm dramatically reduces

the computational cost of SST.
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